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Introduction 
 
The Texas Workforce Investment Council (Council) is statutorily responsible for promoting the 
development of a well-educated, highly skilled workforce for Texas and advocating for an integrated 
workforce system. Texas Government Code, Section 2308.101(8), charges the Council with encouraging, 
supporting, or developing research and demonstration projects designed to develop new programs and 
approaches to service delivery. The Council provides research, information, and analysis that facilitates 
collaboration between system partners and relevant stakeholders. In pursuit of this responsibility, the 
Council conducted research regarding one workforce development with the potential to result in rapid 
and sweeping changes for numerous industries and occupations: Artificial Intelligence (AI). 
 
Some expect that many jobs are at risk of displacement due to AI, though some reports also estimate 
that millions of new jobs will be created by the rapidly growing AI industry. In fact, the industry is 
projected to grow from a global value of $189 billion in 2023 to $2.5 trillion by 2033 (United Nations, 
Conference on Trade and Development, 2025). This report provides an overview of the impacts of AI on 
the workforce.  
 
Intent and Scope 
 
The intent of the report is to identify opportunities and challenges posed by increasing AI integration in 
the workplace. The report considers the impacts of both short-term AI infrastructure developments and 
long-term AI usage growth. Additionally, the research hopes to inform skills development strategies 
that can prepare the workforce for shifts in the labor market related to the effects of AI integration. 
 
Most subjects explored fall under the following three broad categories that encompass the primary 
scope of this report:  
 

1. Historical context and AI-related impacts across the entire workforce 
2. Industry- and occupation-specific impacts  
3. Potential solutions 

 
Beginning with a background of historical trends in automation and its impact on human labor, the 
report then covers the broader effects of AI implementation. The research then takes a narrower focus 
on the industries and occupations that may be most affected, enhanced, or disrupted by automation. 
More specifically, the report intends to assess the impact to industries and occupations in two 
categories: short-term construction, energy, and manufacturing implications driven by growing 
demand for data centers and semiconductors that train and run AI; and long-term implications of AI 
automation for cognitive labor in white-collar occupations or other creatively demanding industries. 
These categories can also be thought of as the difference between the impacts of AI hardware 
(semiconductors and servers) and AI software (data science and engineering).  
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The report then covers potential solutions to the coming changes and challenges posed by automation; 
namely, reskilling and upskilling workers. Beyond AI literacy and the necessary skills required for new 
jobs or shifting tasks, some have claimed that automation will underscore the importance of soft and 
specialized skills that are uniquely human. These skills may prove more resilient to replacement by AI, 
thereby bolstering re-trained workers against potential automation-related layoffs. The report 
additionally identifies workers that could be particularly vulnerable to AI-related job shifts and, thus, 
benefit most from targeted reskilling and upskilling efforts.  
 
Methodology 
 
The research utilizes a qualitative approach that emphasizes interpreting the underlying cause of 
observations and the relevant implications. The report is organized in the following way:  

I. Background of Automation and its Historical Impact on Human Labor  
II. Layoffs and Slowed Hiring Attributable to AI  
III. Manual Labor versus Cognitive Labor 

a. Short-Term AI Infrastructure Growth for Skilled Labor  
b. Industries Most and Least Vulnerable to Automation 
c. Long-Term Impact of AI on Knowledge Workers  

IV. Bolstering the Workforce: Reskilling and Upskilling 
V. Conclusion: Unprecedented Change 

 
The research identifies broad issues and opportunities posed by AI within the workforce. Some surveys 
indicate that almost half of workers across all sectors already use AI in their work at least once per 
month (Frueh, 2025). The report considers the rapid pace of AI adoption among workers and reveals 
how workers are using this tool in their jobs. Many employers and employees alike consider AI to have 
significant potential to enhance the quality and efficiency of their work. This development could serve 
as an indication of the opportunities AI presents in the workforce, though the other large-scale impacts 
of this adoption are also explored in the report. 
 
To understand AI-related impacts across the entire workforce, this research explores potential AI-
related effects on the current state of hirings and layoffs across specific industries and occupations, as 
well as the broader economy. The research will support the development of potential solutions for 
entry-level workers going forward, whose tasks might be more easily automated. 
 
Additionally, the explosive growth of AI demand appears poised to create numerous jobs in its own 
field, as well as infrastructure-related fields. To meet the anticipated demand and sustain AI output, 
there is a growing need for jobs in construction, energy, and manufacturing. Jobs reports reveal some 
of the short-term infrastructure impacts on skilled manual labor occupations. Research examines the 
long-term impacts on occupations that may be particularly vulnerable to AI-driven disruption or 
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displacement. Research helps reveal which industries might be most and least vulnerable to 
automation. 
 
Research explores the growing demand for skills development opportunities in AI literacy and the 
potential benefits of these programs to workers. Research attempts to uncover how reskilling and 
upskilling might bolster workers against automation-related shifts in the labor market. With the 
remarkable pace of technological advancement, research shows the changing skills and credentialing 
demands of employers. Research reviews the available workforce data, such as skills reports, jobs 
reports, state and federal agency reports, industry and occupational demand assessments, employer 
surveys, credential rates, and higher education degree information. These data were obtained from 
various sources, including government agencies, international forums and consulting groups, 
economic research firms, and employers.  
 
As the report is designed with workforce implications in mind, it does not cover details of AI engineering 
and machine learning, nor does it focus on the quantitative side of research. Although national and 
international sources were used for the research, the report focuses on the unique opportunities and 
challenges Texas faces with regard to AI adoption in the workforce. This report intends to fill the gap in 
existing research to offer solutions that specifically address the workforce impacts of AI within Texas.  

 
Data note: The federal Worker Adjustment and Retraining Notification (WARN) Act requires employers 
to provide notice to state employment agencies regarding planned layoffs, but this data rarely includes 
a stated reason for the layoffs. For these notices published by the Texas Workforce Commission (TWC), 
these reports have no reasons listed for the layoffs. Therefore, it is unreliable to use this official 
government data to verify or refute the claims companies make about the reasons for their announced 
layoffs. Additionally, public companies reporting to the U.S. Securities and Exchange Commission may 
often cite only vague reasons for the layoffs, such as “restructuring” or “operational efficiency,” which 
may or may not include AI integration. Without consistency across all companies conducting layoffs, 
government data alone cannot compare or validate layoff reasons. Accordingly, the job losses 
discussed in this report were largely gathered from mass layoff announcements made by the employers 
with the reason they publicly provided.  

 

I. Background of Automation and its Historical Impact on Human Labor 

For centuries, humans have feared the labor implications of machines that perform job tasks better or 
faster than themselves. From textile innovations to automated assembly lines, technological progress 
has often been met with skepticism and opposition over an anticipated reduction in demand for human 
labor. Historically, these protests against the advancements of technology have not halted progress for 
the sake of preserving labor opportunities (Schneider & Vipond, 2023). Even so, the labor opportunities 
did not vanish and the fears of widespread unemployment never materialized as expected (Autor, 2015). 
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History can often serve as a useful guide to predict the future, but some would argue that today’s rapid 
technological advances in AI are historically unprecedented. (Schwab, 2016).  

Human labor shifts of past industrial revolutions largely involved changes to manual labor through 
mechanized automation. Mechanized tools revolutionized labor for farmers, manufacturers, and textile 
workers by reducing the manual effort required for these jobs and increasing output. These tools 
eventually transformed the workforce, moving away from a reliance on manual labor toward 
specialized white-collar jobs and cognitive labor. The productivity gains generated by mechanized tools 
led to an increase in machine-driven factory work, maintenance, and management of automated 
systems reducing the need for specialized skills and craftsmanship (Szeszák et al., 2025). What 
distinguishes this revolution from previous industrial revolutions is the jobs at risk of disruption: 
cognitive labor. Thinking machines and AI can now perform white-collar jobs or job tasks that evolved 
in response to the industrial revolution. 

To understand the workforce implications of AI, the definitions for this and related terms must first be 
established. “Artificial Intelligence (AI) broadly refers to computer systems designed to perform tasks 
that typically require human intelligence, such as reasoning, problem-solving, and pattern recognition” 
(Sheikh, Prins & Schrijvers, 2023, as cited in Scotti et al., 2025, p. 2). Some AI can use simulated reasoning 
algorithms to generate content, make predictions, or analyze information (Coursera, 2024; National 
Library of Medicine, 2024). “Machine learning (ML) is a subset of artificial intelligence that automatically 
enables a machine or system to learn and improve from experience. Instead of explicit programming, 
machine learning uses algorithms to analyze large amounts of data, learn from the insights, and then 
make informed decisions” (Google Cloud, 2026, para. 3). 

Automation is, “the application of machines to tasks once performed by human beings or, increasingly, 
to tasks that would otherwise be impossible” (Groover, 2026, para. 1). In software specifically, Robotic 
Process Automation (RPA) refers to repetitive tasks that can be accomplished using a simple digital 
system without human intervention (Coursera, 2024). RPA programs differ from ML in that they are 
unchanging and do not continue to learn from completing these tasks. ML programs learn from 
interactions and generally perform original assessments each time it is tasked with a problem. This can 
lead to different outputs for the similar or identical task posed multiple times, meaning that AI-
generated answers provided in response to prompts can take several different forms. 

AI is considered by many industry experts to be an integral part of the Fourth Industrial Revolution, also 
known as industry 4.0 (IBM, 2021; Purdue University, 2022). Similar to previous industrial revolutions, 
new technologies continue to rewrite the economic landscape by improving productivity and growth. 
The current revolution is being driven by advancements centered around information, cloud 
computing, smart manufacturing, analytics, 3-D printing, advanced robotics, and AI. This revolution 
represents a shift from digital automation to machine learning and intelligent decision-making (Purdue 
University, 2022). Unlike previous revolutions, this one employs thinking machines that replicate traits 
previously thought to be uniquely human, such as creativity, reasoning, and problem-solving.  
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The Lump-of-Labor Fallacy is the false assumption that there is only a fixed quantity of jobs available in 
the economy and these jobs must be shared among the workers (Lemieux, 2014). Under this 
assumption, if new workers enter the labor market or perform jobs already held, these new workers will 
displace or replace the current workers, causing significant unemployment. However, the number of 
jobs in an economy changes and grows as the supply and demand of goods or services shifts over time 
(Wolla, 2020). Meaning, while old jobs are eliminated as certain industries become smaller or obsolete, 
new jobs are created as the economy grows and other industries rise in prominence. This concept is 
relevant when considering jobs that could be replaced with AI. If replacing a worker with AI leads to 
greater overall productivity and efficiency for the economy, then this improvement could lead to more 
demand for other products, services, and jobs. As in the past, technological progress may result in 
product innovation that creates entirely new markets (Mokyr et al., 2015).  

Automation has traditionally substituted human manual labor in repetitive, dangerous, or high-volume 
tasks, and AI could play a similar role in replacing the most repetitive and tedious tasks within jobs 
rather than entirely replacing the worker (Rewatkar, 2026). If AI replaces these inexpert tasks of a job, 
history suggests that the expert tasks will remain, and the job will become more specialized. According 
to this perspective, employment within these specialized jobs will shrink as the level of expertise 
required rises, leading wages to also rise (Autor & Thompson, 2025). Conversely, this would mean that 
if the more expert tasks within a job are automated, only the inexpert tasks would remain. This would 
lower the expertise barrier to entry and allow more individuals to enter the job, thereby increasing 
employment while decreasing wages. 

However, newer generative AI (GenAI) is not built for one specific task. This AI can perform numerous 
general tasks, such as generating original written content, music, videos, programming code, and 
software applications with only a prompt. Some jobs rely entirely on producing this creative content.  

 

II. Current Layoffs Attributable to AI and Anticipated Future Job Losses 

According to the outplacement firm Challenger, Gray, and Christmas (2026a), AI was directly 
responsible for approximately 54,694 layoffs across the nation in 2025. While this number seems 
negligible compared to the 1.2 million total jobs cuts announced that year, it was several times higher 
than the number of AI layoffs reported in prior years. Additionally, 2026 is on track to significantly 
outpace the number of AI layoffs in 2025, with 49,135 job cuts citing AI through April of this year 
(Challenger, Gray & Christmas, 2026b). These layoffs specifically cite AI as the primary reason for the job 
cuts. Although there is some speculation that companies may be overreporting AI-related job cuts to 
use the technology as a scapegoat for other underlying reasons, there are others claiming that these 
job cuts may be underreported due to perceived public backlash from AI replacement of human labor 
(Angelo, 2026; Alexis, 2025). Unfortunately, there is not an independent method of verifying the “true” 
reason behind the layoffs.  
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Of the announced AI-related layoffs from large companies, a few differing rationales have emerged. 
First, several layoffs are aimed at cost reduction, with the inference that they are intended to make way 
for AI infrastructure spending (Zourmpanos, 2026; Wagner, 2026). Other companies specifically claim 
the layoffs are intended to focus their efforts on AI development (Shukla, 2026). While the first two 
rationales do not explicitly tie AI to the replacement of human labor, some companies directly attribute 
layoffs to AI’s increased productivity and reduced need for human workers (Budman, 2025). Still other 
companies have warned their employees of anticipated slowed hiring in the future due to AI (Maruf, 
2025). 

These warnings suggest impending job disruption related to AI’s ever-increasing potential for 
automating human labor. The mainstream adoption of generative AI only began in 2022 with Open AI’s 
public release of Chat-GPT. The generative AI chatbot achieved 100 million weekly active users within 
one year of its launch and is currently on track to reach one billion active users this year (Edmonds, 
2025). As the use of and demand for AI explodes, the technology advances at an ever-increasing pace, 
further expanding the tasks it can perform.  

A study from the Massachusetts Institute of Technology concluded that AI can already perform nearly 
12 percent of all jobs in the U.S. labor market, including industries such as finance, healthcare, and 
professional services (Chopra et al., 2025). Additionally, the study calculated that this share of jobs 
represents $1.2 trillion in wages per year in the national economy. This wage cost provides a large 
financial incentive for employers to automate these positions. Although other reports place the share 
of jobs able to be performed by AI at higher or lower estimates, AI’s rapid advancement may cause the 
share to continue rising at a worrying pace.   

Employer Perspectives   

Perspectives on specific employment impacts from AI are mixed among employers, but survey data 
point toward expected changes. A report from the World Economic Forum (WEF) states that 40 percent 
of employers anticipate reducing their workforce where AI can automate tasks (2025a). A survey of 
corporate executives, however, suggests that most firms do not anticipate significant job replacement 
due to AI, though 44 percent of respondents indicate some level of anticipated employment reductions 
(Baslandze et al., 2026). According to CNBC survey data, 89 percent of senior human resources 
executives agree that AI will change jobs and the hiring process within the next year (Epperson & Dhue, 
2025). Further, two-thirds of the HR leaders polled said AI is already having an impact, which the survey 
defined as automating a significant portion of an employee’s previous tasks or changing the way they 
work on a daily basis. 
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III. Manual Labor versus Cognitive Labor 

AI’s adoption in the workforce will impact both manual labor and cognitive labor, but in different ways. 
Although less vulnerable to AI-related changes in the short-term, manual labor jobs could be at risk of 
significant transformation in the long-run. The pairing of AI with advanced robotics could significantly 
improve the ability of machines to perform manufacturing, construction, and related blue-collar jobs 
(Acemoglu & Restrepo, 2020), as the field of robotics has made recent strides in dexterity and skilled 
tasks with which machines have traditionally struggled (Wah, 2025; Cooper, 2019). This emerging field 
is known as physical AI and it may impact blue collar jobs such as construction or mining, where AI 
systems could be used to operate excavators or other heavy machinery (Obosu & Frimpong, 2025). 
Physical AI may also pose a threat to those in the wide-ranging transportation sector, given the rapid 
scaling of autonomous vehicles that now includes 450,000 weekly rideshare trips nationally from just 
one robotaxi service provider (Wu & Bosa, 2025). There are also several companies testing fully 
autonomous commercial freight vehicles in Texas (Wasson, 2026).  

However, in the short-term, the demand for human skilled manual labor is extremely high due in part 
to enormous investments in AI infrastructure. In fact, skilled manual labor is facing a significant 
shortage of workers that has been exacerbated by the recent data center construction projects (Chen, 
2025). Data centers house IT infrastructure like servers, storage devices, and networking equipment 
(Susnjara & Smalley, 2024). These centers power the internet, cloud computing, and AI by processing 
and storing data. Large tech companies have announced a combined $650 billion in AI spending for 
2026 alone, the vast majority of which will go toward AI chips, servers, and data center infrastructure 
(Bratton, 2026).  

The AI infrastructure buildout is particularly significant in Texas. Recently, numerous multi-billion-
dollar data center projects have been announced across the state, including a $40 billion investment by 
Google for three data centers in Armstrong and Haskell counties (Cobler, 2025). By 2030, Texas could 
overtake Virginia as the largest global data center market due to the state’s plentiful land and energy 
(Batson, 2024). To meet the intense energy and construction demands of data centers, Texas will need 
substantially more skilled manual laborers, particularly as 40 percent of construction workers are 
expected to retire by 2031 (Texas Association of Builders, 2025). Some colleges have launched new 
programs to address this growing demand, such as Texas State Technical College (TSTC), which 
introduced a training course for Mechanical, Electrical and Information Data Center Operator (TSTC, 
2026a).  

The CEO of the AI technology company Anthropic, Dario Amodei, has said that AI could eliminate half of 
entry-level white-collar jobs, causing unemployment to rise to as much as 20 percent in the next few 
years (VandeHei & Allen, 2025). Some of the industries Amodei anticipates to be hit the hardest include 
technology, finance, law, and consulting. Jim Farley, Ford Motor Company’s CEO, has painted an even 
bleaker picture, warning that AI could eliminate half of all white-collar jobs, not only entry-level 
positions (Ma, 2025). Conversely, Farley predicted that AI will create strong demand for jobs in the skilled 
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trades. However, these projections come from individual speculations rather than empirical data and 
should therefore be treated with a certain level of skepticism.  

Occupation Projections 

Below are the blue-collar and white-collar occupation projections through 2032 from TWC’s Labor 
Market Information (2022). Each table represents five of the most common occupations in their 
respective fields in Texas. The tables are sorted by 2022 total employment numbers. Although these 
blue-collar occupations generally look poised for slightly greater average percentage growth (15.4 vs. 
12.6), there are some disparities between these projections and what employers suggest around the 
impending white-collar job losses. Either these employer perspectives could be exaggerated, or these 
projections could be insufficiently accounting for the impacts of AI.  

Table 1: Texas Blue-Collar Occupation Projections 

Occupational Title 2022 Base 
Employment 

2032 Projected 
Employment 

Percent Change 
2022-2032 

Total Annual 
Openings 

Construction Laborers 158,020 181,289 15 16,750 

Automotive Service Technicians  
and Mechanics 72,060 82,092 14 7,491 

Electricians 68,932 81,435 18 7,798 

Plumbers, Pipefitters, and Steamfitters 41,663 47,189 13 4,336 

Heating, Air Conditioning, and  
Refrigeration Mechanics and Installers 32,744 38,427 17 3,519 

 

Table 2: Texas White-Collar Occupation Projections 

Occupational Title 
2022 Base 

Employment 
2032 Projected 
Employment 

Percent Change 
2022-2032 

Total Annual 
Openings 

Office Clerks, General 213,304 221,140 4 26,681 

Bookkeeping, Accounting, and Auditing 
Clerks 142,517 151,248 6 17,882 

Financial Managers 58,032 76,748 32 6,357 

Buyers and Purchasing Agents 38,837 40,331 4 3,710 

Administrative Services Managers 20,285 23,780 17 2,033 
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AI Exposure and Transformation  

Several indexes aim to measure how vulnerable certain industries and occupations are to potential AI 
transformation. One particular AI Exposure Index from Princeton University and New York University 
researchers, “isolates the exposure to specific functions of AI and creates a measure of the aggregate 
exposure to AI at the [industry] level by looking at the abilities used within an [industry]” (Felten et al., 
2021, p. 3). This index only measures impact to specific job functions, not necessarily replacement or 
disruption. According to this measure, and in line with the predictions of Amodei and Farley, the 
industries most likely to be exposed to advances in AI are almost entirely white-collar in nature. 
Meanwhile, nearly all the least exposed industries are blue-collar. Below is a list of the industries that 
score the highest and lowest on exposure to AI according to this index.  

Table 3: AI Industry Exposure Measure Scores  
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According to WEF’s Future of Jobs Report (2025a, p. 6), “on average, workers can expect that two-fifths 
(39%) of their existing skill sets will be transformed or become outdated over the 2025-2030 period.” 
The jobseeker service Indeed created another index that measures how much jobs stand to be 
transformed by AI. Under the GenAI Skill Transformation Index (GSTI), the level of transformation is 
determined by how much the tasks that comprise the job depend on problem-solving ability and 
physical necessity (2025). As demonstrated in the graph below, the more a task relies on problem-
solving ability (cognitive reasoning, applied knowledge, and practical judgment), the greater the 
expected transformation by AI. However, the more a task involves physical necessity (physical 
execution or manual labor), the smaller the expected transformation, assuming the current abilities of 
AI. Indeed provides the following definitions for each level of transformation: 

• Minimal transformation: Through some combination of elevated physical requirements 
and/or limited reasoning capability, human performance of these skills will likely remain largely 
unchanged. Skills that fall into this categorization include patient care, employee relations, and 
network administration.  
 

• Assisted transformation: These are skills where GenAI may offer limited or generic support 
(creating/providing templates, conducting basic research, or suggesting tools/methods), but 
where humans still need to practically apply the skill. Skills that fall into this categorization 
include environmental law, trading, and teaching. 
 

• Hybrid transformation: GenAI performs the bulk of routine work for these skills, but human 
oversight (though not necessarily direct execution) remains essential. GenAI can independently 
execute standard tasks using these skills with high reliability, but humans are still needed to 
manage exceptions, interpret ambiguous cases, validate outputs, and/or ensure ethical or legal 
compliance. Skills that fall into this categorization include medical coding, travel planning, and 
proofreading. 
 

• Full transformation: GenAI has the potential to use these skills independently to execute on 
typically well-structured tasks that could, under the right conditions, be automated end-to-end. 
However, the potential for full transformation doesn’t guarantee that the models will fully 
displace humans from these skills. Actual transformation depends on model capability, 
business readiness, and task context. Skills that fall into this categorization include basic math, 
prompt engineering, and image classification 
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Table 4: Indeed’s Skill Transformation  

 

Entry-Level Struggles  

Some initial data suggest Amodei could be correct regarding reduced entry-level opportunities in 
white-collar occupations. A study from Stanford University indicates that early career workers in AI-
exposed occupations have experienced a 16 percent relative decline in employment compared to their 
more experienced counterparts (Brynjolfsson et al., 2025). Additionally, the average age of new hires is 
historically high at 42, possibly indicating that employers increasingly value the experience of older 
workers over the education of younger workers (Simon, 2026). This may be due to the part AI is playing 
in specific job tasks of traditional entry-level positions.  

So far, AI seems better suited to handle tasks involving explicit knowledge (established information or 
facts) than those involving tacit knowledge (experience-based skills and expertise). This can lead to 
decreased hiring demand for early career jobs whose explicit-heavy tasks can be more easily replicated 



12 
 

by AI (Davis, 2026). On the other hand, mid- to late-career jobs that rely on tacit knowledge to a greater 
extent may be more difficult to replace with AI. Of course, this reduction in employment opportunities 
for those with little to no experience poses the challenge of further limiting their ability to gain the 
experience to acquire tacit knowledge and become more employable in the AI age.  

 

IV. Bolstering the Workforce: Reskilling and Upskilling 

Automation has historically required reskilling to aid in transitions resulting from job disruption 
(Szeszák et al., 2025). According to some researchers, AI will naturally have a reskilling effect on the 
workforce. “AI influences employment structures by promoting reskilling, upskilling, and continuous 
learning, encouraging organizations to invest in workforce development programs that help employees 
adapt to technological change, maintain job relevance, and achieve long term career sustainability…” 
(Rewatkar, 2026, p. 3). The skills most resilient to AI disruption seem to offer a safe haven for those in 
occupations with the highest exposure to AI.  

Ironically, one of the skills that may insulate workers against AI is AI literacy, which has become an 
increasingly common skill listed in job postings. The Georgetown Center for Education and the 
Workforce stated, “AI literacy—the judgment to determine when and how to use AI tools effectively—
may be the critical skill graduates will need to succeed in the emerging labor market.” (Strohl, 2025, 
para. 5).  In support of this assertion, 81 percent of surveyed hiring managers stated that they prioritize 
AI-related skills in applicants (Chan, 2025). Some tech companies have even gone so far as saying that 
they plan to cut employees who cannot be reskilled in AI (Bhaimiya, 2025). 

The online educator Coursera has stated that GenAI is now the most in-demand skill in Coursera’s 
history, with 14 enrollments per minute (2026), showing the large AI reskilling effort is already 
underway. Beyond online course training through platforms like Coursera, workers and students have 
explored other means of adding AI-related skills to their repertoire. Some are already utilizing the 
apprenticeship approach to receive training for careers in the AI field (Weissman & Flaherty, 2026). 
Colleges and universities are responding with the addition of many AI-related degrees and 
interdisciplinary programs (Premjee, 2025). For example, TSTC plans to launch an AI web design 
certificate next year (2026b). In fact, the Texas Higher Education Coordinating Board program inventory 
lists 33 institutions with approved AI certificates or degrees, with offerings at the associate, bachelor’s, 
and master’s levels (2026).  

As previously mentioned, some are already utilizing the apprenticeship model for AI career skills, and 
the federal government is currently making a large push to expand this AI training strategy. President 
Donald Trump issued an executive order last year (No. 14,277, 2025) aimed at Advancing Artificial 
Intelligence Education for American Youth, which included apprenticeship as one of the methods for 
achieving this. In response to this order, the U.S. Department of Labor (DOL) developed an AI literacy 
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framework to, “[identify] foundational content areas and delivery principles that can inform program 
design” for relevant workers, employers, education and training providers, and workforce agencies 
(2026b. p. 1). DOL also launched an initiative to integrate AI skills, training, tools, and curricula into 
existing apprenticeship programs (2026c). Further, the National Science Foundation, in partnership with 
DOL, announced a program to, “support initiatives that expand AI literacy, workforce skills and real-
world adoption — helping communities, businesses and governments effectively use and benefit from 
AI” (2026, para. 1). 

Apprenticeships can also help train workers in traditional manual labor and physical skills that are 
largely outside the reach of AI, according to the above indexes. This apprenticeship model is 
experiencing a significant resurgence. Texas currently has over 41,000 active apprentices, up a 
staggering 166 percent from 2016 (DOL, 2026a). Nationally, there are 700,000 active apprentices, and 
the federal government has set the goal of reaching 1 million (Exec. Order No. 14278, 2025). The vast 
majority of apprenticeships are in blue-collar industries such as construction, utilities, and 
manufacturing (DOL, 2026a). In recent years, however, several new industries have begun to use 
apprenticeships to train workers, including education and healthcare. 

Aside from AI-related skills and apprenticeships, research indicates that human-centric soft skills and 
vocational skills may provide great reskilling opportunities to insulate workers against AI-related labor 
shifts (WEF, 2025b). This is because these skills are currently difficult or impossible for AI to replicate. 
According to WEF, these human-centric soft skills include creativity and problem-solving, emotional 
intelligence, collaboration and communication, and learning and growth (2025b).  

 

V. Conclusion: Unprecedented Change 

History does tend to repeat itself, but this time it may only rhyme. The early industrial revolutions of the 
past replaced or enhanced manual labor with mechanized machines, while this current industrial 
revolution threatens replacement or enhancement of cognitive labor with artificial minds. Many of the 
bleakest estimates of AI-related labor losses are likely exaggerated due to a fear of becoming obsolete 
or the mistaken belief that there is a pre-determined quantity of jobs in the economy (lump-of-labor 
fallacy). Even so, it should be acknowledged that there is at least some risk posed to certain occupations. 
In addition to the potential employment disruption posed by AI, Texas stands to benefit immensely from 
the large labor productivity gains and economic growth from the booming AI industry.  

In this revolution, due to these massive investments in AI infrastructure, manual skilled labor has the 
short-term dual appeal of high-demand and low exposure to AI. White-collar occupations are 
particularly costly to businesses and therefore present the largest savings opportunities for employers 
in the long-term. As the research discussed has suggested, AI’s abilities overlap with some of these 
occupations. However, white-collar workers can better prepare themselves for the potential of AI-
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related job disruption by training in uniquely human skills that AI cannot easily replicate. Additionally, 
learning AI-related skills to complement AI’s workplace application may serve to increase productivity 
and employment resiliency. By focusing on reskilling and upskilling in the skills most resilient to AI 
disruption, workers could make themselves indispensable in the age of AI.  
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